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Abstract. The beliefs that we have about language are called language
ideologies and influence how we create and use language technologies. In
this paper, we explore language ideologies and their role in the process
of language technology design using conversational technology as an il-
lustrative example. We draw on two qualitative studies, both of which
aim at discovering common language conceptualisations in the context of
language technology design through collaborative work with study par-
ticipants. In study 1, we use a survey, group discussions and co-design
methods with technology developers. In study 2, we use a survey and
group work with technology users. We found that standard language
ideology is intertwined with a referential (language in its function to
convey information) view on language data in the development process,
and that a conceptualization of language as referential tool dominates the
language technology landscape. However, participants in both qualitative
studies are aware of other functions of language. Further we found that
language ideologies are intertwined with public discourse about language
technology, and upcoming policies on AI regulation will reinforce these
ideologies. We argue that non-referential functions of language must be
integrated into language models, and that the actual practices of both
language and language technologies must be carefully considered for im-
proved conversational AI and effective policies.

Keywords: Language ideologies · Conversational AI · Language func-
tions.

1 Introduction

People have widely differing ideas of what language is, and multiple linguistic
theories reflect different views on language and its functions (see for instance [1]).
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Language technology developers typically seek computationally implementable
definitions of language [21] and collaborate with linguists in numerous multidis-
ciplinary projects. In this process, they inevitably draw on cultural conceptions
of language, which are called language ideologies [10]. In the simplest formula-
tion, language ideologies are culturally conditioned sets of beliefs about language
that are not necessarily grounded in linguistic or empirical evidence but intersect
with social belonging and social hierarchy [34]. Language ideologies influence how
language technology creators design and develop the technology that people use
for communication, and how users use and perceive language technologies. They
concern, for example, language standards and referential functions of language.
The former postulate that language is organised according to national categories
(e.g. English, Polish and German), and that national or ethnic groups speak the
same language that has one and only one correct form. This is often associated
with the view that some linguistic practices have a higher value than others and
that language change is negative. Referential ideologies construct language as a
code that transmits referential, non-linguistic content, and regards meaning as
a priori and inherent in words and sentences. Language is argued to exist on its
own, while humans use it on demand [27].

Yet, researchers’ input on non-referential functions of language shows that
language has many more functions (such as expressing and creating relationships,
or negotiating and creating mutual understanding). Capturing these functions
in computational approaches to language can help to improve systems based
on language technology. For example, taking language variation, style variation
and language change into account improves word prediction, text classification
systems [22], bias detection [9] and speech recognition [36], and it supports social
science research [16]. In addition, it has been argued that inclusion of minoritized
or non-standard languages in language technology may add to the prestige of
these languages, and guarantee citizens’ language rights, reduce social inequality,
and narrow the digital divide [18].

Language ideology-related problems are especially visible in conversational
technology. Research about user satisfaction has found that users of conversa-
tional technology have different expectations of language style, e.g. formal vs. in-
formal, which demonstrates the relevance of non-referential variation of language
in chatbot use [29, 19]. Yet, chatbot interactions tend to be designed according
to standard language and entail referential ideologies. This has the effect that
users of non-standard language are marginalized and that sociolinguistic hierar-
chies between “good”, “normal”, “useful” and “deviant”, “bad”, “impractical”
language are reproduced. Furthermore, the fact that referential meaning is an
outcome of social interaction and that language therefore constantly changes is
rendered invisible, as language tends to be treated as referential, stable code.

Conversational technology has a potential to reinforce negative attitudes in
humans towards non-standard language variations, for instance towards African-
American Vernacular English [3]. Conversational Artificial Intelligence (CAI)
also caused political debates every time a prominent technology producer made
technology available that was not yet mature enough, such as chatbot Tay by
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Microsoft, [33], or when some features of the conversational technology reached
a milestone in the simulation of human behaviour which made it difficult to
differentiate machine from human activity, such as Google Duplex [24]. The
most recent development that caused intensive academic and political debates
and amplified public discourse is ChatGPT by OpenAI [26].

In light of the above, it is important to model social factors in language
technology [14]. More specifically, non-referential functions of language such as
identity construction, setting group boundaries and regulation of social proxim-
ity need to be made part of language models to improve political bias recognition
[15]. In addition, including language variation into security mechanisms of mul-
tilingual large language models can help prevent prompt injection attacks more
effectively [12]. However, language ideologies play a role in both, CAI develop-
ment and CAI-related planned regulations. Thus, considering the actual use of
the CAI systems, real users’ needs and language and communication practices
is essential to develop safety measures for AI.

This article argues that both the language-ideological as well as the technology-
regulatory debates insufficiently consider real users and real-life language use.
We investigate the role of language ideology in language technology by looking
at conversational technology, although language ideologies influence all types of
language technology. In addition, we investigate the relationship between lan-
guage ideologies and technology ideologies by looking at what problems users
face when using language technologies and how they prioritize further improve-
ments. Our research questions are:

1. To what extent do conversational technology designers, developers and users
express standard language and referential language ideologies?

2. What other kinds of (language) ideologies are identifiable in the conversation
technology domain?

To answer the research questions, we conducted two qualitative studies: a
two-hour in-person workshop collocated with a European academic venue fo-
cused on chatbots (Study I), and a three-hour in-person workshop collocated
with a Summer school funded by a European research agency (Study II). Two
researchers conducted the workshops: one working in conversational technology
and one working in sociolinguistics.

Both studies show that language ideologies affect the entire process of lan-
guage technology development, from data collection, design, specification, devel-
opment and testing phases, to user-based evaluation studies. The second study
also discloses that political discourse about artificial intelligence in general and
conversational AI in particular shift the focus of language technology workers
and users from the actual users’ needs to politically amplified topics.

This article aims to raise awareness among their designers, developers and
users about the nature, effects and role of language ideologies in the life cycle
of language technology. We make a step towards opening a public discussion
about language ideologies, their incarnation in technology and policies, and the
feedback loop to language of those.
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2 Language Ideologies, Policies and Public Discourse

All languages are, in terms of grammatical complexity, equal but socially dif-
ferentiated. Languages associated with powerful nations and print media have
higher prestige. Such social hierarchies are observable locally at the level of na-
tional language standards, and globally as, for example, in the dominance of
English. Language technology reinforces these hierarchies. For instance, speech
technology performs better with prestigious Englishes than for less widely spoken
ones [20, 5].

Standard languages are perceived as neutral codes, also referred to as “voices
from nowhere” [10, p.7]. However, they result from socio-historical circumstances,
such as the development of nations, print culture and social hierarchies [4, 13,
35]. Non-standard languages (e.g. regional or social dialects) have a different his-
tory, have covert prestige and are given different functions [17]. The third wave
of sociolinguistics and qualitative approaches to language has foregrounded lan-
guage as social practice and highlights its co-creational social function (social
boundaries, identities, stances and social communities), stressing the importance
of the non-referential functions of language [8].

Existing computationally-oriented venues dealing with language variation6

contribute remarkably to computational modelling of language variation. How-
ever, these rely on distinguishing standard language from “dialects” and the
view that language is an external, static artefact. Overall, language technologies
could potentially play an important role in destigmatising minoritized languages
and the identities associated with them. However, to date language technologies
are mostly developed for major languages that have undergone standardization
and are associated with a state and a nation. Other languages and varieties are
declared as “non-standard”, “noisy” and “non-canonical”. [7]. Yet, the “messy”
nature of language is central for it to (re)create innovative social meanings; it is
not a design fault. With the growing importance of conversational technology,
it is vital to counter an understanding of language as a referential, denotional
resource [31] and recognise interaction as social practice that negotiates the non-
referential functions of language, such as identity construction, face work, group
belonging and boundary negotiation [30, 32, 28].

Language ideologies are closely intertwined with language policies as they
shape and inform the way societies perceive, value, and regulate languages [25].
They influence the formulation and implementation of language policies. Lan-
guage policies, in turn, are the concrete actions and rules put in place by gov-
ernments, institutions, or communities to manage language use and distribution.
The alignment or conflict between (some) language ideologies and language poli-
cies can have profound consequences, impacting linguistic diversity, social inclu-
sion, and access to resources. Understanding this complex relationship is crucial
for promoting linguistic equity and fostering inclusive societies.

Policies related to regulation of language technologies can work in the same
way as language policies. Policies related to language technologies will have a sig-

6 E.g. https://sites.google.com/view/vardial-2022/home
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nificant impact on both the development and usage of language technologies, as
well as on the languages themselves. These policies encompass regulations, stan-
dards, and guidelines that govern the creation, deployment, and accessibility of
language technologies. They also determine the nature of language technologies
and how they are integrated into various sectors, affecting industries, education,
and government services.

Current summaries of the planned big set of policies related to AI in general
and language technology in particular7 suggest that planned policies are very
much influenced by public discourse which, in turn, is shaped by new ideologies
and beliefs about language technologies, and not necessarily by their actual use.
Effective public discourse can positively influence policy-making, shape policy
outcomes, and hold policymakers accountable, making it a fundamental compo-
nent of a democratic and participatory society. However, public discourse about
language technologies based just on ideologies (fed by the standard language
ideology which postulates the existence of a neutral code) in the absence of at-
tention to the actual practices of users (which crucially involve language choices
aimed at embodying social meanings), will misinform policy makers and lead to
sub-optimal, ineffective and unpopular policies.

This article seeks to raise awareness of these issues and proposes steps towards
changes.

3 Method

As mentioned in Section 1, we conducted two qualitative studies including two
surveys and two workshops aiming at disclosing language ideologies in language
technologies. We conceptualise the participants of Study I as language technology
producers (designers, programmers, researchers), and the participants of Study
II as language technology users. Both groups represent highly skilled and highly
educated European populations. The first workshop included three steps:

1. Pre-workshop data collection. The participants of the workshop were invited
to fill in an optional survey with 30 questions. The topics covered the par-
ticipants’ concepts of quality data and language variation, language and
language use, interaction and its purpose, and concepts of linguistic disci-
plines. The information was elicited via open questions. Twelve responses
were analysed qualitatively for Step 2.

2. In-workshop discussion. Participants introduced themselves. Facilitators gave
an introduction about language ideologies and discussed the survey results.
The results were presented by a computer-science researcher and commented
by a sociolinguistic researcher. This phase helped to answer the first research
question.

3. In-workshop co-design. Participants discussed three questions in smaller ran-
domly assigned groups and presented the results in the plenary session before
jointly formulating mitigation and awareness-making measures.

The second workshop was composed of four stages:
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1. Pre-workshop data collection. The participants were invited to answer ten
questions about their views on language and language technologies.

2. Exploratory use case. The facilitator presented a conversational robot and
explained its use case: teaching children different types of skills including
language. The participants were invited to write down on sticky notes their
ideas about positive and negative effects with respect to one of the cate-
gories: language rights, language ideologies, language variation, interaction,
language diversity and vitality, language learning, language technology and
language work. The participants were also asked to place their sticky notes on
a whiteboard according to the category for which they think the statement
is relevant.

3. In-workshop group work and discussion. Facilitators presented the results
of the survey. Based on the preliminary outcome of the survey, language
learning apps were the most known type of language technology. Therefore,
the participants were asked to design their own language learning application
that solves all problems detected by the survey.

4. Cross-domain analysis. The researchers analysed and aligned all outcomes
produced by participants: survey, group work and ideas from sticky notes.

Both groups were mixed in terms of gender and academic seniority level and
included expertise in linguistics, language teaching, language translation, interac-
tion, dialogue analysis, user experience research, psychology, behavioral sciences,
computer science, language technology, communication and media studies. The
number of subjects is 22 for the first and 43 for the second group.

The results of the qualitative questions from the surveys were independently
coded by both researchers who conducted the studies. If multiple categories
were identifiable in the answer, the answer received multiple labels. Examples of
coding are provided in Table 1.

Question formulation Answer example Labels

In your view, which prob-
lems of language technolo-
gies should be urgently re-
solved and why?

I am not sure if all problems with language
technologies can be resolved. What is most ur-
gent is for there to be a more honest and com-
prehensive narrative that teaches the general
public about the benefits of language technolo-
gies and their drawbacks...

Literacy

Same as above data security issues; educate laypeople about
problems language techologies can bring

Privacy
Literacy

Table 1. Examples of coding for qualitative questions in both surveys.

4 Results and Discussion

In this section, we describe our findings from both studies in detail and synthesize
the results with regard to language technology related ideologies.
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4.1 Study I

This qualitative study confirmed the language ideologies and the participants’
focus on referential functions of language. The results allow drawing a number
of conclusions about state-of-the-art in the language technology domain.

The study also revealed that there is a connection between standard language
ideology and a referential view of language. Standardised, normalised language
data make the mapping from input to meaning representation easier, but it is
not always made transparent, how data “normalization” affects this process (see
for instance [23] for a discussion). However, the need for “clean” and error-free
data is problematic because even standard language is not uniform across social
domains, people use and process language idiosyncratically and creatively, and
constantly adapt language in interaction for self presentation, to encode their
views about the interaction, the interlocutor etc. Thus, non-referential meanings
are erased in data normalisation and cleaning.

Linguistics and sociolinguistics have made considerable progress since the
emergence of generativism, however, their findings have rarely been included
in the design paradigm of language technology [2, 11]. Moreover, co-creation of
language while interacting with language technology has never been conceptu-
alised due to standard language ideology dominating in the language technology
community which maintains that language is neutral and referential in nature.
Technical constraints are central in research on language technologies. The de-
tails are presented below.

Findings from the Survey I The survey helped to disclose A) the partici-
pants’ assumptions about language, its function and variation, B) their beliefs
about communication, and C) their perspective on language data.

A) The responses disclose participants’ awareness of multiple forms and func-
tions in each language, and the way these encode different aspects of context.
The participants associated every-day language with emotions, a playful, famil-
iar, friendly manner, and social closeness with accessible vocabulary and low
complexity of expression. Standard language, in contrast, is associated with re-
spectfulness and social distance. Overall, the more private the space, the more
diverse are people’s language choices. Participants mostly use English for com-
munication in their professional contexts even if it is not the language for which
they develop technology. Other languages dominate private communication. Par-
ticipants were knowledgeable about types of language variation (interactional
variation, dialectical patterns, syntactic and lexical variation) although it is usu-
ally not part of their language technology design or development process.

B) Communication was named as the main function of language and de-
scribed as the transmission of thoughts, feelings and experiences. We identified
three clusters of responses related to the nature of human communication: a
functional cluster that included sense of purpose, ability to do repair, create
relevance and manage the unexpected; an emotional cluster that included ex-
pression of emotions and empathy, humour and sarcasm; and a context cluster
that included ambiguity, context dependency of meaning and spontaneous and



8 Hoehn et al.

endlessly variant production. All these attributes characterise different aspects
of the referential function of language. An awareness of the non-referential func-
tions of language had low salience in the responses (except of the emotional
cluster). The latter was mostly associated with explicit labelling of emotion us-
ing positive and negative words, emphasising the referential function. There was
lack of awareness that language emerges in the interaction, and that language
is always intertwined with the social, and cannot be separated from it.

C) Although there was a high demand in the group for naturalistic data, such
as human face-to-face conversations, the researchers typically choose “clean”,
well documented, standardised, error-free and accessible data for their work in
language technology. Thus, the operational (prioritising ease of implementation)
view on data for language technology dominates the community. In this way,
the standard language ideology bias is amplified in language technology: lan-
guage data are taken from the standard language and modified to be error-free,
“cleaned”, well-documented etc.

Because the desired data are usually not available in the needed quality or
quantity, participants reported that they usually create their own datasets via
surveys, log analysis, experimental designs or use “similar” data (e.g. Twitter
comments instead of instant messenger chat logs).

Findings from the group work I We asked every subgroup to draw their
position on the following three questions:

Q1 Which social functions of communication does chatbot design try to model
or implement?

Q2 Which understanding of language underlies chatbot design?
Q3 What is the relationship between data, data collection and generation meth-

ods and chatbot’s communication capabilities?

Each subgroup produced a poster, and the results are summarised in Table
2 by question (left column). Although the group was aware of the relationship
between language data and language technology based on them, the group work
again highlighted the operational view on language data for language technology
development, see Table 2 Q2 (“standardize it”, “̀ınput - output”). Language data
are seen as a help to find the right mapping from input to output, equally for
standard and every-day language, for task-oriented and social dialogue. The
referential role of language is not only very dominant, but also very convenient
for implementation, which makes it difficult to change the paradigm.

Findings from the co-design phase In the co-design phase we aimed at for-
mulating language ideology awareness guidelines together with the participants
of the workshop. The following points were emphasised by the participants.

Co-design with users. Involving users into the process of language tech-
nology design from the beginning can help to go beyond solely referential and
operational views on language in conversational technology and language tech-
nology in general.
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Group 1 Group 2 Group 3

Q1 Formal language (as it has
rules + less creative). Bots
seem more human when us-
ing puns and jokes.

Activate, engage; interper-
sonal understanding, empa-
thy; exchange information;
showing manners, etiquette,
scrutiny smalltalk; humour;
building intimacy, trust,
“talking”; communicative
entity is social to begin
with.

Standard language -
transactional, goal-
oriented, closed-
domain; everyday
language - relation-
ship building, trust,
empathy, compassion,
personification, adap-
tation; open-domain.

Q2 Standardize it, so it can
learn from a big data sam-
ple, then it does not adapt
to each individual (language-
wise); Oral communication
→ pitch, tone can play a role
in language meaning, text-
based needs different cues to
implement this. It is not the
understanding but the tech-
nical ability to write con-
cisely (short sentences, to the
point).

Aim to objectively under-
stand language (encode,
decode), context-specific
(domain), modelling (trans-
forming voice to text, from
3D to 2D), adaptation (re-
duce language complexity).

Operational under-
standing of language,
defined by Q1.

Q3 Garbage in, garbage out;
drawing of mutual dependen-
cies of relationships.

Drawing: collection methods
influence quality, data qual-
ity determines capabilities.
What defines quality? More
data is not always better. Bi-
ases. Questioned direct rela-
tionship between collection
methods and a chatbot’s ca-
pabilities.

Data ethics, privacy,
data governance, data
ownership, trans-
parency, context-
dependent.

Table 2. Transcript of the group work, original wording.

Detailed documentation. Transparency about the gap between “natural”
interaction data and the actual data that are used. The origin of data must
be documented. It must be made explicit to the readers of documentation for
datasets, what kinds of approximations were made for each application case.

Continuous improvement. Starting with a simplified “minimum viable
product”, design and development of language technology is a step-by-step, it-
erative process. Simplifications need to be made explicit to the readers of docu-
mentation, and conversation design is never complete.

4.2 Study II

The study revealed that there is a relationship between language ideologies and
political discourse about language technologies and their regulations. The survey
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disclosed that language technology users are clear about their actual needs and
have a very concrete understanding about how language technology would make
their work and daily life more efficient, pleasant and enjoyable. However, when
asked about priorities of language technology improvement, actual user needs
are downgraded and publically much discussed topics topics are prioritised.

In addition, this study revealed that participants perceptions of specific lan-
guage technology is also determined by public discourses. Both the use case and
the group work echoed the public discourse.

Findings from the survey II The attendees of an in-person Summer school
were asked to fill-in an optional survey. From 43 attendees, 19 chose to reply to
the questionnaire. The findings were discussed with the entire group.

The survey compared for which purpose the participants use language tech-
nology, what participants viewed as the biggest problems related to their own
technology use and experience, and what should be improved as soon as possible.
The top five in these three categories were:

Problems Benefits Priorities
Low quality Productivity Literacy
Language availability Creativity Inclusion
Security & privacy Progress Bias
Expectation-quality mismatch Facilitate communication Language coverage
Confidence-quality mismatch Accessibility of information Ethics

Further, we compared familiarity, frequency of use and interest in language
technologies by participants. Top five for these three categories were:

Familiarity Usage Interest
Machine translation Messengers Translation
Speech synthesis Machine translation Language learning, teaching
Language learning apps Authoring tools Research
Speech recognition Social media Everyday life
Spelling & grammar checker Language generation Communication

As in Study I, the participants acknowledge that language performs a va-
riety of functions in human-human communications. However, the functions of
language in communication with technology are in 80% of the cases reduced to
commands and instructions (referential view).

Besides communication technologies such as messengers and social media,
machine translation and text production tools (text authoring and language
generation) are the most popular technologies, and their relation to the top
five benefits listed by our participants is quite clear. It is also quite clear that
low quality and limited language coverage (language availability) of such ser-
vices leads to frustration with technology. However, literacy related to language
technologies, inclusion, bias and ethics that are listed among the top priorities
for future development will not help to solve problems related to low quality.
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This mismatch in responses suggests that even technology users set technology
development priorities based on public discourse rather than their own needs.

Findings from the use case The facilitator demonstrated a social robot that
is used for teaching autistic children different types of skills. The demonstration
focused on language technologies used to deliver such kind of educational in-
terventions, and mutual dependencies among them (dialogue design, automated
speech synthesis, feedback generation and so on).

The task was to pin down all positive and negative aspects of the demon-
strated technology by writing statements on sticky notes. Those sticky notes
were first categorised by participants according to the eight categories provided
in the beginning (see Section 3), and later coded and clustered by the facilita-
tors according to their subject. Participants listed 75 negative and 55 positive
aspects in total that were coded to 25 and 13 categories, respectively.

With regards to language ideologies, this part of the study showed that par-
ticipants’ awareness related to language ideologies is rudimentary. In total, eight
statements were categorised by participants as related to language ideologies,
and only three of them were in fact related to language ideologies, all addressing
the robot’s potential to promote and reinforce some standard language. At the
same time, language variation and “human-like” interaction are seen as the most
urgent problems with social robots, although these problems have been classified
by participants as related to language variation.

The top five of issues listed are:

– language coverage and variation (15);
– ethics (12) including replacement of humans by machines (10) although in

the described scenario, no replacement took place;
– technical accessibility and price (7);
– issues with interaction (7); and
– potential technical problems (5).

Top three positive aspects listed are related to human empowerment, interaction
quality and enrichment of teaching and learning followed by four categories with
the same strength: accessibility, language coverage, personalisation of interaction
and potential other application scenarios.

The comparison of positive and negative aspects shows that there are no
absolute values: the same technology is seen as empowering and disempowering
humans, restricting and providing opportunities for a wide language coverage and
accessibility, offering positive and negative interaction experience. This shows
that how people judge technologies is very much dependent on how messages
are framed, also in public discourse.

Findings from the group work II The following task was given to partici-
pants after the facilitators had presented the results from the survey and given
a theoretical introduction on language ideologies.

Imagine, you need to design a new language learning app and to do so, you
need to solve three questions first:
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1. Which social functions of communication should the new app implement?
2. Which understanding of language should underlie the language learning app

design?
3. What kinds of data should this design process rely on and how can this data

be obtained to meet the targeted social functions?

Participants had 15 minutes to work in small groups on these questions and
were then asked to present their solutions. The facilitators were interested in how
clear those tasks are to the groups and how successful the groups are in their
solutions. Participants worked in six groups and each group included experts
in different domains and different levels of academic seniority. All six groups
struggled with understanding and definition of social functions of language and
language as a whole when it comes to design of a concrete technology. None of
the groups could clarify the question about data.

Findings from the cross-domain analysis The main three outcomes from
the survey, case study and group work of Study II are:

1. When it comes to an abstract discussion of language technologies, there is a
mismatch between language technology user needs and improvement prior-
ities set by the same users. This mismatch is likely due to public discourse
related to language technology.

2. When it comes to a discussion of a specific conversational technology, pos-
itive aspects are usually those mentioned explicitly in the demonstration
(empowerment, interaction, enrichment) while negative aspects are related
to current public discourses (bias, ethics).

3. When it comes to designing solutions, multidisciplinary teams of experts still
struggle with finding a proper working definition for basic concepts such as
language and language functions. There is also little clarity about the types
of language data that exist, their suitability for technology design and how
they may be acquired.

4.3 Discussion and Potential Actions

This article presents qualitative research obtained from two small-scale quali-
tative studies. The initial ideas generated through the questionnaires and the
workshops need to be validated further through an interview-based study with
developers, investors and policy-makers, or a survey distributed to a larger sam-
ple of respondents.

Study I indicates that language ideologies play a role in the entire life cycle of
language technologies, while Study II suggests that larger social ideologies such
as current public discourses on technology and beyond, as well as their draw-
backs, also affect how we imagine, create, use and evaluate language technolo-
gies. Both language ideologies and public discourses about language technology
heavily impact our views of technology and its regulations and contribute to
sidelining the consideration of users’ needs and real-life practices.
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As mentioned in Section 1, multiple CAI tools ignited controversial public
discussions about ethics in CAI systems. ChatGPT in particular raised a lot of
questions related to text authoring, teaching, manipulative content production,
colonial methods in the process of data acquisition and cleaning, and intellectual
property rights in general [26]. At the same time, the European Union started
preparing the EU AI Act, a document that is supposed to provide guidelines for
EU member states on how to handle particular matters in the national legisla-
tion. One of the main claims that the EU AI Act draft is making is that all texts
generated by generative language models must be marked as generated.7

Discourses about language and language technologies are dominated by ide-
ological claims. Policies connect both in the way that language policies have
little to do with the actual language practices [25], and the ongoing public and
political debates about regulation of language technologies (and AI in general)
have little to do with the human practices of using them.

For example, the summary of the planned regulations contains the claim that
in the future, all texts generated by language models will have to be marked
as such. This requirement will cause multiple practical issues related to hu-
man and human-machine collaborative text production practices. Generative
language models are used nowadays in spellcheckers, style-checkers, grammar
correction features of most text editing programs, in word suggestions on mo-
bile devices, response suggestions in text messengers, and in sentence completion
suggestions of text authoring programs. There is a lot of text generation outside
of ChatGPT. Further, even if language models such as ChatGPT are used, texts
are usually generated in collaboration with human co-authors (reformulations,
prompt engineering) and not completely autonomously. It is not clear how much
of the text must be generated in order to be declared as automatically generated,
and how the amount can be measured in practice.

Both types of ideologies, the ones related to language and the ones related to
language technology, will set constraints and judge together, what is a “good”
language and what is a “bad” or “low quality” language. However, in addition
to labels associated with nation state and power, such as “standard English”,
labels associated with participation of technical devices in language practices,
such as “automatically generated” will be used to make differences between
more valuable and less valuable language. Finally, by regulating language tech-
nology without looking at their actual use by humans and without capturing
new practices of language creation by human-machine teams, policy makers will
set regulations to language itself, reinforcing existing language ideologies in their
incarnation in current language technology.

To make the results of this research applicable in practice, we suggest the
following actions:

1. Theory. Sociolinguistic and pragmatic expertise and more recent theories
of language that see it as a social practice must be adopted in language
modeling to handle non-referential functions of language. In addition, they

7 https://www.europarl.europa.eu/news/en/headlines/society/20230601STO93804/eu-
ai-act-first-regulation-on-artificial-intelligence
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must also inform policy-making about the role of technology as not-just-tool
in the process of language creation.

2. Policy. Work with politics and NGOs to declare availability of language
technology in regional variations a human right.

3. Capital. Incubators could support new businesses targeting smaller lan-
guages. We cannot change capitalism with this paper, but collaborative ef-
forts are needed to emphasize economic and cultural value of smaller lan-
guages.

4. Investment. Push public funds into language technology for people: focused
on user needs, created with potential users, speaking the user‘s language as
messy as it is, and being able to deal with variations.

5. Data. Create and use real spoken language resources (no, movie dialogues
are not spoken language, but [6] compiled a list). Create more of those cor-
pora.

5 Conclusions

Both studies have several implications for the language technology community
and policy makers. First, specialists involved in language technology creation
need to sharpen their awareness of the kinds of biases that impact the whole life
cycle of language technology. Both standard language ideologies and political
discourses on the benefits and drawbacks of technology influence the creation,
conceptualization, production, evaluation and further development of technolo-
gies (including users’ expressed needs) and thus need to be critically assessed
and reflected upon at each step in the life cycle. Second, discourses and views
of participants in the life cycle of technologies are contradictory and varied be-
cause not all participants engage in the same discourses and ideologies. Third,
while the standard language ideology continues to be powerful, the language
practices it promotes are not always used and in some cases understood only by
a minority of people. Fourth, modelling non-referential functions of language is
crucial for conversational technology as this is what makes technology appear
“human-like”. Finally, the public discourse about language and language tech-
nology needs to be more inclusive. Instead of echoing claims related to ethics and
bias, the community needs to have a wider public discussion about the actual
uses of language, language practices, variations, and their relation to technology
and power.
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